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Introduction to Linear Algebra Eigenvectors

When you first encounter linear algebra, the notion of a matrix and a linear transformationcan feel abstract. Yet,

many of the most powerful tools in mathematics, physics, engineering, and data science hinge on a single concept:

the eigenvector. This article offers a thorough introduction to eigenvectors, guiding you from basic definitions to

practical applications while keeping SEO best practices in mind. Whether you’re a student, a researcher, or simply

curious, you’ll find clear explanations, illustrative examples, and useful tips that make this fundamental topic

accessible.

What Is an Eigenvector?

Definition and Intuition

In linear algebra, an eigenvector is a non �zero vector that only changes by a scalar factor when a linear 

transformation is applied to it. Mathematically, if A is an n × n matrix, then a vector v is an eigenvector of A if there 

exists a scalar ;° such that:

A·v = ;°·v

Here, ;° is called the eigenvalue corresponding to v. The key idea is that the direction of v is preserved under the 

transformation A, even though its magnitude may change.

Visualizing Eigenvectors

Imagine a square on a plane that stretches and rotates. If you pick a point on the square, its new position after the

transformation can be anywhere. But for certain special points—eigenvectors—their direction remains the same;

only their distance from the origin changes. Visualizing this can be done with simple 2 �D examples or with

interactive graphics tools that display vector fields before and after a transformation.

Relationship with Eigenvalues

Eigenvalues measure how much an eigenvector is scaled. If ;° > 1, the eigenvector is stretched; if 0 ;° ;°fully captures

the essential behavior of the transformation along that direction.

The Mathematical Foundations

Matrices and Linear Transformations

A matrix A can be seen as a rule that maps any vector x in !� • to another vector y = A·x. The eigenvector concept

arises when we ask: “Which directions remain unchanged (up to scaling) under this rule?” This question is

fundamental to understanding the structure of linear maps.

The Characteristic Equation

To find eigenvalues, we solve the characteristic equation:

det(A – ;°·I) = 0

where I is the identity matrix and det denotes the determinant. The solutions ;° are the eigenvalues. The determinant 



is zero precisely when the matrix A – ;´•is singular, meaning it has a non �trivial null space—exactly the set of

eigenvectors.

Solving for Eigenvectors

Once ;° is known, we solve the linear system:

(A – ;°·I)·v = 0

Any non �zero solution v is an eigenvector. Typically, we find a basis for the null space of A – ;´•using Gaussian

elimination or row reduction.

Step �by �Step Guide to Finding Eigenvectors

Example 1: 2×2 Matrix

Consider the matrix:

A = \\(\\begin{bmatrix} 4 & 1 \\\\ 2 & 3 \\end{bmatrix}\\)

1.  Compute the characteristic polynomial:

det(A – ;°·I) = det(\\(\\begin{bmatrix} 4-;²�b���ÅÅÅÂ�"�b�2Ó» \\end{bmatrix}\\)) = (4-;²’ƒ2Ó») – 2 = ;»"	b�s» + 10 = 0

1.  Find eigenvalues by solving ;»"	b�s» + 10 = 0:

(;²	b�R’ƒ» – 2) = 0 !’ ;²���Ò�RÂ�» ‚ = 2

1.  For ;²���Ò�RÂ�6öÇ`e (A – 5I)·v = 0:

(\\(\\begin{bmatrix} -1 & 1 \\\\ 2 & -2 \\end{bmatrix}\\))·v = 0 !’ v • = \\(\\begin{bmatrix} 1 \\\\ 1 \\end{bmatrix}\\)

1.  For ;²�"�Ò�"Â�6öÇ`e (A – 2I)·v = 0:

(\\(\\begin{bmatrix} 2 & 1 \\\\ 2 & 1 \\end{bmatrix}\\))·v = 0 !’ v ‚ = \\(\\begin{bmatrix} -1 \\\\ 2 \\end{bmatrix}\\)

Thus, the eigenvectors are v • = (1, /1)�W and v ‚ = (–1, /2)�W.

Example 2: 3×3 Matrix

Take the matrix:

B = \\(\\begin{bmatrix} 2 & 0 & 0 \\\\ 0 & 3 & 4 \\\\ 0 & 4 & 9 \\end{bmatrix}\\)

1.  Characteristic polynomial: det(B – ;»t’’�Ò�ƒ"Ó»)·det(\\(\\begin{bmatrix} 3-;²�b�B�ÅÅÅÂ�B�b�’Ó» \\end{bmatrix}\\)) = (2-;²•²ƒ2Ó»)

(9-;²’	b��eÒ�Ò�ƒ"Ó»)(;»"	b��#» + 11).

2.  Eigenvalues: ;²���Ò�"Â�» ‚ = 11, ;²�2�Ò��à

3.  For ;²���Ò�"Â�6öÇ`e (B – 2I)·v = 0 !’ v • = (1, /0, /0)�W.

4.  For ;²�"�Ò���Â�6öÇ`e (B – 11I)·v = 0 !’ v ‚ = (0, /–4, /3)�W.

5.  For ;²�2�Ò��Â�6öÇ`e (B – I)·v = 0 !’ v ƒ = (0, /–2, /1)�W.

These eigenvectors form a basis for !�³, illustrating how eigenanalysis decomposes a space into independent

directions.

Applications of Eigenvectors

In Computer Graphics

•  Principal Component Analysis (PCA) reduces dimensionality for image compression.



•  Eigenvectors of a transformation matrix describe axes of rotation and scaling, enabling smooth animations.

In Data Science

•  Eigenvectors of covariance matrices identify directions of maximum variance.

•  Techniques like PCA and Latent Semantic Analysis (LSA) rely on eigenvectors to uncover hidden patterns.

In Quantum Mechanics

•  Eigenvectors of operators correspond to measurable states (e.g., spin, position).

•  The eigenvalue equation H<‚�Ò�SÈ defines stationary states of a quantum system.

In Vibrations & Stability Analysis

•  Eigenvectors of a mass �spring system reveal normal modes of vibration.

•  Mechanical stability often depends on the sign of eigenvalues of the system’s stiffness matrix.

Common Pitfalls & Tips

Degenerate Eigenvalues

When an eigenvalue has multiplicity greater than one, its eigenvectors may not form a complete basis. In such 

cases, you may need to find generalized eigenvectors or apply the Jordan canonical formto fully describe the

transformation.

Numerical Stability

Computing eigenvectors on a computer can suffer from round �off errors, especially for large matrices or nearly

singular cases. Using stable algorithms like the QR algorithm or power iteration can mitigate these issues.

Using Software Tools

Popular libraries such as NumPy (Python), MATLAB, and R provide built �in functions for eigenvalue problems:

•  Python: numpy.linalg.eig

•  MATLAB: [V,D] = eig(A)

•  R: eigen(A)

These tools handle the heavy lifting, but understanding the underlying math helps interpret the results correctly.

Advanced Topics (Optional)

Eigenvector Decomposition

If a matrix A is diagonalizable, it can be written as A = V·D·V {¹, where V contains eigenvectors and Dis a diagonal

matrix of eigenvalues. This decomposition simplifies many calculations, such as matrix powers and exponentials.

Orthogonality & Normalization

For symmetric matrices, eigenvectors corresponding to distinct eigenvalues are orthogonal. Normalizing them to

unit length yields an orthonormal basis, which is especially useful in spectral analysis and signal processing.

Spectral Theorem
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